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Hoo Filter-based Short-term Electric Load Prediction
considering Characteristics of Load Curve

Toru Namerikawa*, Member, Yasuhiko Hosoda*, Student Member

This paper deals with H, filter-based short-term electric load prediction considering characteristics of load

curve. We propose a predictive method to forecast a future electric load demand for 36 hours from 0 PM,

and then evaluate the peak and bottom of load curves in the next day. We propose a load model, estimates

unknown parameters of model via H, filter using the separated data from holiday and weekday, a same

pattern of the previous data have been chosen and assigned to parameters for the model. The simulation

results show the effectiveness of the proposed prediction methodology.
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Table 2. Predicted result of MEP and MEB in
Case 1

\ \ Filter [ MEP %] | MEB [%] |
Prediction A | Kalman Filter 0.4136 5.2549
Hoo Filter 0.4355 5.1950
Prediction B | Kalman Filter 2.1929 1.3901
Hoo Filter 2.1913 1.3617
Prediction C | Kalman Filter 1.8143 0.1155
Hoo Filter 1.7865 0.4203
Prediction D | Kalman Filter 1.2947 4.8044
Hoo Filter 1.5246 4.6189
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Table 3. Condition of Filter and Method
in simulation
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Table 4. Predicted result of MEP and MEB in
Case 2

\ | Method [ MEP (%] | MEB [%] |

Prediction A | Conventional 1.7404 1.9179
Proposed 0.4355 5.1950
Prediction B | Conventional 16.3343 7.3205
Proposed 2.1913 1.3617
Prediction C | Conventional 16.6185 13.0696
Proposed 1.7865 0.4203
Prediction D | Conventional 0.5727 8.7038
Proposed 1.5246 4.6189
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